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Abstract:

Surveillance cameras can provide more accurate traffic information compared to
GPS and infrared radiation sensors. With the intelligent processing of image
information provided by them, the analysis of traffic problems is done more
precisely. Meanwhile, the speed of car positioning is of particular importance
because, after positioning the car, other processes are needed to make decisions that
require time management. The purpose of the present study is to propose an
algorithm based on deep networks that solves this challenge. In the presented
algorithm, a fast and accurate detector network is designed based on multiple
receptive fields, segmentation, and differential images, which increases the accuracy
of the detector by producing semantic feature maps and filtering them. Also, it
increases detector speed by reducing the parameters. Each vehicle’'s maneuver is
decided based on the time and location information of that vehicle and the vehicles
nearby. Then, according to the type of maneuver, the predictive network is selected
in one of the modes of lane keeping, left turn or right turn. The networks designed in
the proposed algorithm are complementary to each other. The performance of the
proposed algorithm is demonstrated by experiments on the Highway and UA-
DETRAC datasets.
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